
REPORT 2025
OVERVIEW

A matter of choice:
People and possibilities  
in the age of AI



Copyright @ 2025 
By the United Nations Development Programme 
1 UN Plaza, New York, NY 10017 USA

All rights reserved. No part of this publication may be reproduced, stored in a 
retrieval system or transmitted, in any form or by means, electronic, mechanical, 
photocopying, recording or otherwise, without prior permission.

A catalogue record for this book is available from the British Library and Library 
of Congress

General disclaimers. The designations employed and the presentation of the 
material in this publication do not imply the expression of any opinion whatsoever 
on the part of the Human Development Report Office (HDRO) of the United 
Nations Development Programme (UNDP) concerning the legal status of any 
country, territory, city or area or of its authorities, or concerning the delimitation 
of its frontiers or boundaries. Dotted and dashed lines on maps represent 
approximate border lines for which there may not yet be full agreement.

The findings, analysis, and recommendations of this Report, as with previous 
Reports, do not represent the official position of the UNDP or of any of the UN 
Member States that are part of its Executive Board. They are also not necessarily 
endorsed by those mentioned in the acknowledgments or cited.

The mention of specific companies does not imply that they are endorsed or 
recommended by UNDP in preference to others of a similar nature that are not 
mentioned.

Some of the figures included in the analytical part of the  report where indicated 
have been estimated by the HDRO or other contributors to the Report and are not 
necessarily the official statistics of the concerned country, area or territory, which 
may use alternative methods. All the figures included in the Statistical Annex are 
from official sources. All reasonable precautions have been taken by the HDRO to 
verify the information contained in this publication. However, the published material 
is being distributed without warranty of any kind, either expressed or implied.

The responsibility for the interpretation and use of the material lies with the reader. 
In no event shall the HDRO and UNDP be liable for damages arising from its use.

The signed contributions in boxes and spotlights represent the opinions of the 
authors and are the product of independent research of their responsibility. They 
do not represent necessarily the position or opinions of the Human Development 
Report Office or UNDP. Any errors or omissions are the authors’ responsibility. They 
are presented in the report to stimulate debate and to encourage further dialogue 
between researchers and decisionmakers.

Printed in the USA, by AGS, an RR Donnelley Company, on Forest Stewardship Council 
certified and elemental chlorine-free papers. Printed using vegetable-based ink.

The 2025 Human Development Report

The cover and chapter images in the report 
feature portraits in the artistic styles of various 
historical periods and cultures, with subtle 
allusions to people’s use of technology.

For example, the cover presents a modern 
woman with headphones, against a 
background with hints of technology in the 
style of prehistoric cave paintings—an echo of 
humanity’s earliest attempts to understand and 
shape the world.

Combining history with symbols of modern 
technology, the images place humans at the 
centre and aim to bridge the past and future—
positioning today’s breakthroughs in artificial 
intelligence (AI), and the media through which 
we interact with them, as part of humanity’s 
unfolding and open-ended journey towards 
advancing human development.

Working with AI, a graphic designer created 
the images by guiding the system with ideas 
and creative direction, prompting the AI to 
produce a range of visual outputs that the 
graphic designer then edited, developed and 
finalized. The artworks themselves reflect how 
AI could reshape how we do things, unleashing 
new creative possibilities and augmenting what 
people can do. The cover and other images 
invite you to pause and reflect—as we navigate 
the uncertainties and possibilities of a world 
with AI.
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Foreword

Artificial intelligence (AI) is racing ahead at lightning 
speed. Yet as AI surges forward, human development 
stalls. Decades of progress, reflected in the Human De-
velopment Index, have flatlined, with no clear recovery 
from the blows dealt by the Covid-19 pandemic and 
subsequent crises. We are at a crossroads: while AI 
promises to redefine our future, it also risks deepening 
the divides of a world already off balance. Are we on the 
verge of an AI-powered renaissance—or sleepwalking 
into a future ruled by inequality and eroded freedoms?

Too often, headlines, policies and public debates fixate 
on what AI might achieve in some distant future—utopian 
or dystopian. These deterministic views are not only 
disempowering; they are profoundly misleading. They 
obscure the fact that the future is being shaped now, by 
the choices we make today. The 2025 Human Develop-
ment Report, A Matter of Choice: People and Possibilities 
in the Age of AI, reminds us that it is people—not ma-
chines—who determine which technologies thrive, how 
they are used and whom they serve. AI’s impact will be 
defined not by what it can do but by the decisions we 
make in its design, development and deployment.

Central to these decisions is how we view the role 
of people in an AI-driven world. Assuming that AI will 
inevitably sideline humanity overlooks the very force 
driving its progress: us. AI’s capacity to automate 
nonroutine tasks has stoked fears of human replace-
ment—but this is only when we reduce people to mere 
task-performers. This Report challenges that view. It 
argues that humans, “the true wealth of nations,” are far 
more than the sum of the tasks we perform. Rather than 
measuring AI by how closely it mimics us, the Report 
emphasizes how the differences between humans and 
machines can create powerful complementarities that 
expand human potential.

This people-centred perspective becomes even 
more critical in a moment of overlapping global crises. 
It is tempting to believe that AI alone can solve our de-
velopment challenges. But that belief invites compla-
cency. It asks us to surrender responsibility and ignore 
the political, social and systemic barriers that have long 
impeded progress. The 2023/2024 Human Develop-
ment Report, Breaking the Gridlock, made it clear: 
our limitations are not technological but sociological. 
Many of the crises and inequalities we face persist not 
because solutions are lacking but because we have 
failed to act. With AI we must choose differently—and 
we must choose now.

We might resist the temptation to anthropomorphize 
AI, yet in many ways it acts like a mirror—reflecting and 
amplifying the values, structures and inequalities of the 
societies that shape it. AI does not act independently 
of us; it evolves through our decisions and our priori-
ties. If we fail to address the injustices and divides that 
persist today, AI will only entrench them further. But if 
we invest in human capabilities and commit to greater 
equity, AI can magnify the best of what humanity can 
achieve. Ultimately, the 2025 Human Development Re-
port on AI is not about technology—it is about people, 
and our ability to reinvent ourselves in the face of pro-
found change.

Achim Steiner 
Administrator 
United Nations Development Programme
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Artificial intelligence (AI) has broken into a dizzy-
ing gallop. Each day seems to herald some new AI-
powered algorithmic wonder. As a general-purpose 
technology, AI has been dubbed “the new electric-
ity.” Regardless of whether the utopian, techno-
solutionist1 visions of AI’s most ardent advocates 
come to fruition or fizzle as snake oil (or worse), the 
world is pulsing with a powerful new technology, a 
new kind of dynamism or vitality, that differs from 
technologies of the past.

Yet, the AI zeitgeist is awfully blinkered. Headlines 
fixate on arms races, policymaking on risks. These are 
real. But they are not—and should not be—the whole 
story. We need to go beyond races and risks to possibili-
ties for people, possibilities shaped by people’s choices.

The choices that people have and can realize, with-
in ever expanding freedoms, are essential to human 
development, whose goal is for people to live lives 
they value and have reason to value. A world with 
AI is flush with choices the exercise of which is both 

a matter of human development and a means to ad-
vance it. The future is always up for grabs, even more 
so now. Trying to predict what will happen is self-
defeating, privileging technology in a make-believe 
vacuum over the frictional realities and messier 
promises of people’s agency and their choices. From 
a human development perspective the relevant ques-
tion instead is what choices can be made so AI works 
for people.

This year’s Human Development Report examines 
what distinguishes this new era of AI from previous 
digital transformations and what those differences 
could mean for human development (chapter 1), in-
cluding how AI can enhance or subvert human agen-
cy (chapter 2).2 People are already interacting with 
AI in different ways at different stages of life, in ef-
fect scoping out possibilities good and bad and un-
derscoring how context and choices can make all the 
difference (chapter 3). Human agency is the price 
when people buy into AI hype, which can exacerbate 

Figure O.1 About two-thirds of survey respondents in low, medium and high Human Development Index (HDI) countries 
expect to use artificial intelligence in education, health and work within one year
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Note: Based on pooled data for 21 countries. For actual use in the past month, the following responses to the question, “In the past 30 days, have you ever 
interacted with artificial intelligence, such as chatbots, in any of the following ways?” were used to calculate the average use of AI for education, health and 
work: “education” is based on the response “educational platforms of learning apps,” “health” is based on the response “health care services or applications” 
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Source: Human Development Report Office based on data from the United Nations Development Programme Survey on AI and Human Development.
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exclusion (chapter 4) and harm sustainability.3 And, 
of course, who produces AI and for what matter a lot 
for everyone (chapter 5).

Letting people take the reins makes good sense, 
because they expect AI to be a growing part of their 
lives. A global survey4 for this Report found that, at 
all levels of the Human Development Index (HDI), 
AI use is already substantial (for about 20 percent of 
respondents) and is expected to shoot up fast. About 
two-thirds of respondents in low, medium and high 

HDI countries expect to use AI in education, health 
and work—the three HDI dimensions—within one 
year (figure O.1).

Human development gaps are 
widening, and global progress 
may be losing steam

Focusing on people can help many countries feel-
ing caught in a human development pinch between 

Figure O.2 Global progress in human development is losing steam, with the weakest and most vulnerable being left 
farther behind
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sky-high expectations for AI and sobering develop-
ment realities, including ongoing violent conflicts and 
stresses on human security. Wounds from the 2020–
2021 declines in global HDI value have not healed, 
and the rebound since may be losing steam. Just a few 
years ago we were on course to live in a very high HDI 
world by 2030.5 That world was delayed by a few years 
based on the 2021–2024 trend. Now it is projected to 
be delayed by decades (top left panel of figure O.2).6

While the global HDI value is projected to reach a 
record high in 2024, the increase would be the low-
est since records began 35 years ago (top right panel 
of figure O.2). Gaps between very high and low HDI 
countries, which for decades had been shrinking, have 
been widening over the past four years (bottom panel 
of figure O.2). The dramatic slowdown in HDI pro-
gress cuts across all developing regions (figure O.3). 

Development pathways that have created jobs at 
scale and reduced poverty, thanks to expanded man-
ufacturing and exports to international markets, are 
narrowing.7 A triple squeeze results from inadequate 
external financing, fewer opportunities in manufac-
turing due in part to automation and trade tensions 
limiting export options.8

Now enter AI, a development wildcard.9 If AI is 
seen simply as a supercharged extension of earlier 
digital technologies deployed to automate work, la-
bour is condemned to cede the remaining ground to 
machines, further eroding development options. Is 
this what is in the cards?

It is a matter of choices. Development depends less 
on what AI can do—not on how human it appears—
and more on mobilizing people’s imaginations to re-
shape economies and societies to make the most of  it.

Figure O.3 The post-2020 slowdown in human development progress affects every region of the world
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Making AI work for people 
is a matter of choices

AI does some things uniquely well, such as seeing pat-
terns in huge datasets that are difficult or impossible 
for humans to discern.10 It does other things poorly, 
sometimes making things up.11 It cannot frame prob-
lems, as humans can do. Whatever new algorithmic 
feats are in store, there will always be spaces, howev-
er in flux, where humans shine—where humans do 
things that machines cannot do or are bad at, where 
societies value people rather than machines doing 
things and where people and machines go farther and 
faster together than separately.

Evolving overlaps and complementarities between 
humans and AI-powered machines land societies at 
inflection points, after which trajectories will depend 
largely on two factors: what access societies have to 
AI and how they view and use it. These are choices, 
by the few or the many. Is the focus on overlaps, pit-
ting what Daron Acemoğlu calls so-so AI against peo-
ple, which could cut jobs without productivity gains?12 

Or is it instead on complementarities and collabora-
tion to envision new development pathways?13 Entire-
ly new roles, markets and industries could be in the 
offing. If anything, then, AI can be seen as adding 
hazy pages to the development playbook instead of 
stripping them away. Possible paths become wider, if 
less clear, given that much is yet unknown about what 
AI can do and how it will affect human decisions.

“ AI can be seen as adding hazy pages to the 
development playbook instead of stripping them 
away. Possible paths become wider, if less clear, 
given that much is yet unknown about what AI 
can do and how it will affect human decisions

People seem to expect as much: a cloudy glass half 
full. Nearly 4 in 10 respondents14 in the survey for 
this Report expect AI to automate and augment jobs. 
Overall expectations for augmentation (61 percent) 
just edge those for automation (51 percent).15 And the 
more that people use AI, the more confident they feel 
in its ability to increase productivity. Expectations 
in developing countries are particularly high.16 With 
so much promise and expectation, the bar for AI is 
higher than simply being useful or “doing good”; it is 
avoiding development disappointment.

It is time to break the spell of technological inevita-
bility: no path forward is about technology in isolation 
but rather how it is deployed—by whom, with whom, 
for whom—and with what kind of accountability. Dif-
ferent choices can help turn things around, and the lens 
of this year’s Human Development Report, focused on 
people and possibilities, identifies three areas of action 
for AI-augmented human development (chapter 6):

1.	Building a complementarity economy, so people and 
AI find more opportunities to collaborate rather 
than compete.

Rather than try to predict the future, policymakers 
should shape it, breaking away from trying to guess 
how humans will be replaced by AI, to see the poten-
tial of what humans can do with AI. That includes 
driving productivity gains through intelligence aug-
mentation, leveraging the complementarities be-
tween AI and people. Ensuring that AI is proworker, 
limiting curbs on agency and empowering workers to 
use AI to augment what they can do. Deploying AI in 
sectors where positive spillovers to other sectors and 
across the economy can be leveraged, helping with 
economic diversification and job-creating structural 
transformation. Implementing fiscal measures and 
strengthening social dialogue that incentivize AI to 
safeguard decent work and supporting incumbent 
workers displaced by AI.

2.	Driving innovation with intent, so opportunity for 
people is not an afterthought but a built-in integral 
part of AI design and deployment.

AI should be harnessed to accelerate science 
through curiosity-driven basic research, as well 
as technological innovation—not by automating 
creative processes but by augmenting them.17 
AI innovation can be steered through incentives 
that embed human agency in AI from design to 
deployment—by aligning socially desirable and 
privately profitable innovation and supplementing 
existing AI benchmarks with new ones that capture 
AI’s potential to advance human development.

3.	Investing in capabilities that count, so people have 
the capabilities to make the most of AI in their lives 
and to thrive in a world with AI.

AI’s flexibility and adaptability should be lev-
eraged to personalize education and healthcare 
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in different contexts, while attending to risks and 
concerns related to bias, privacy, affordability and 
equity.18 By tailoring learning or expanding health 
care, AI can also generate demand for complemen-
tary human labour.19

Together, the three areas invite policymakers at dif-
ferent levels to shake off unhelpful narratives that swing 
between utopia and dystopia, to depart from disem-
powering trends that sideline most people or put bull-
seyes on their backs and instead to embolden people to 
reimagine their choices and expand their freedoms.

Who, where, when and how? AI’s 
possibilities depend on context

The possibilities of AI depend on context: who, 
where, when, how? AI is more than just an opportuni-
ty for people’s choices; it requires them. People of dif-
ferent ages use AI for different purposes (figure O.4). 
AI has shown promise for helping students by provid-
ing study assistance when educators or parents have 
time or resource constraints20 or by improving per-
sonalized, adaptive learning.21 AI could bridge gaps in 
the light of constrained education resources and help 
level the field for disadvantaged students.22 This is in 
addition to—not in lieu of—teachers, who uniquely 
provide, among other things, necessary social inter-
actions critical to students’ overall development.

Until recently, one of the most well-established em-
pirical regularities across countries was that subjec-
tive measures of wellbeing (such as life satisfaction) 
followed a U-shaped pattern with age: younger and 
older people reported higher wellbeing than those in 
middle age (late 40s to early 50s).23 About 10–15 years 
ago that began to change in some countries. Despair 
among young people shot up, and life satisfaction 
tanked.24 Young women fare worse than young men.25

What explains the dramatic declines among 
young people? The picture is complex and evolving. 
That the trend is most evident in some very high 
HDI countries and parallels the broader diffusion of 
smartphones has implicated digital technologies. In 
a global survey of people with access to the internet, 
the typical U-shape curve is completely absent. In its 
place is essentially a diagonal line, with young peo-
ple’s mental wellbeing at the bottom (figure O.5).26

The opportunities for and risks to young peo-
ple from digital technologies, including AI, are 

Figure O.4 People at each life stage use artificial 
intelligence (AI) for different purposes
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particularly relevant for many lower HDI countries, 
where age structures skew young and digital pene-
tration has farther to go. That is itself an opportuni-
ty to chart a path informed by lessons elsewhere. The 
age structures of many higher HDI countries lean the 
other way, towards the old. Although patterns dif-
fer across countries, the world as a whole is greying 
quickly, with 1.4  billion people age 60 or older ex-
pected by 2030.27 At the same time younger people 
expect to lose control over their lives due to AI less 
than older people do (figure O.6).

AI has enabled pathbreaking innovations in as-
sistive and accessible technologies that can expand 
choices and opportunities for people with disabili-
ties, technologies such as live captioning, image de-
scriptions and translation of sign language into voice 
or text.28 But achieving the full reach and potential 
of these and other applications depends on more 

than technology alone. Social choices and contexts 
matter, too,29 including, at the most fundamental 
level, whether these applications are accessible and 
affordable. Likewise, gender inequalities permeate 
both the production and consumption of AI. The sur-
vey for this Report finds that irrespective of educa-
tion qualifications, men are more likely than women 
to use generative AI for work.30

Building a complementarity economy

Seemingly every day, a new AI model exceeds human 
scores on a narrowly defined benchmark, often bear-
ing apocalyptic sobriquets such as Humanity’s Last 
Exam. From this supply-side view humans are framed 
as one-dimensional benchmarks in a zero-sum com-
petition for finite spots in our future economy—an 
economy of human replacement. Yet incorporating 
the demand side reveals how policy choices and 
strategies can promote a complementarity economy, 
where AI could augment and extend existing human 
labour,31 yield a more inclusive labour market32 and 
lead to new industries, jobs and tasks.33

AI can automate tasks that have long remained 
resistant—nonroutine tasks that cannot be accom-
plished by some industrial machine. Yet rarely do 
jobs comprise solely what can be readily delegated to 
machines. Consider radiologists, who were viewed a 
decade ago as at risk of no longer being needed fol-
lowing the success of AI in interpreting radiological 
imagery. Today, demand for radiologists remains as 
high as ever.34 AI diagnosis is a far cry from deploy-
ing medical knowledge in a clinical setting—which, 
even if it were feasible, patients might reject.35 A 
decade on, the story of AI in radiology is one of 
complementarity—improving diagnostics through AI 
that augments rather than replaces radiologists.36

AI’s capacity for augmenting human abilities can 
likewise serve as a vital onramp for economic inclu-
sion. For example, AI tends to improve the perfor-
mance of newly hired call centre workers but has 
lesser effects for seasoned veterans.37 Similar results 
have been documented in writing tasks,38 software 
development39 and management consultancy,40 
among others.41 Firms are adopting AI for product in-
novation more than for process automation and see-
ing higher sales, revenue and employment through 
better outputs.42

Figure O.5 Young internet users are struggling—
everywhere
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Social Self (or relational aspects), Adaptability & Resilience, Drive & Motiva-
tion, Cognition and Mind-Body Connection. The higher the score, the better 
perceived mental wellbeing. The survey was conducted during 2020–2024.
Source: Thiagarajan, Newson and Swaminathan 2025.
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As AI systems are integrated into jobs, working 
effectively alongside AI—understanding its limita-
tions, interpreting its outputs and applying human 
judgement—will be critical. New kinds of tasks and 
related expertise will be needed at the nexus of peo-
ple and machines. Some envision three new roles: ex-
plainer, trainer and sustainer.43

Yet AI can disrupt and displace work. Robust social 
protection systems alongside adaptive skills building 
aligned with emerging needs can improve employ-
ment prospects,44 while on-the-job training may sup-
port those whose jobs and tasks are reshaped by AI.45 
AI systems rely heavily on human labour throughout 
the supply chain, from development and design to data 
labelling and annotation.46 As an AI-enabled economy 
expands, social dialogue and collective bargaining are 
key for new meaningful decent work opportunities.

Labour augmentation opportunities, despite their 
big potential, are not inevitable. The digital divide 
persists, such that access and relevant skills are lim-
iting factors for using technology more broadly, and 
these challenges apply equally to AI in the workplace. 
Starting nearly a generation ago, digital technolo-
gies began suffusing high-income countries, whose 

workforces today typically enjoy widespread access 
to digital devices and have extensive experience 
using them.47 Elsewhere the persistent digital divide 
is likely to be a major barrier to realizing the positive 
effects of AI on jobs and beyond.48

Looking ahead, people expect AI to both automate 
and augment their work, but they expect the balance 
to tilt towards augmentation (figure O.7).

Whether the expectations for augmentation will be 
met depends on policies and incentives to catalyse 
complementary between people and AI. Getting this 
wrong will lead to development disappointment in the 
short term and possibly wider economic divergence in 
the coming decades. One possibility is averting hasty 
worker replacement caused by deployment of so-so 
AI that destroys jobs without generating productivity 
gains and instead promoting fiscal policies that en-
courage augmentation.49

Driving innovation with intent

AI can accelerate discovery and innovation and trig-
ger new frontiers of creativity,50 potentially becom-
ing a method of invention.51 That is, a new tool to 

Figure O.6 Younger people expect to lose control over their lives due to artificial intelligence (AI) less than older people do
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Note: Based on pooled data for 21 countries. Data show, for each age group, the change in perceived agency as measured by the difference in the percentage 
of respondents who feel they have a high level of control over their lives today and the percentage who expect to feel a high level of control five years from now, 
as AI becomes more integrated into everyday life.
Source: Human Development Report Office based on data from the United Nations Development Programme Survey on AI and Human Development.
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empower people to fulfil the deeply human aspira-
tions to understand and create. Rather than auto-
mating tasks in creative processes associated with 
scientific and technological innovation, the key is 
augmenting human intelligence52 by leveraging the 
complementary capabilities of AI and humans to ac-
celerate innovation53 and creativity more broadly.54

The direction of AI innovation could be steered in 
ways that align with socially desirable and privately 
profitable outcomes.55 AI benchmarks have become 
fundamental tools for evaluating the performance, 
capabilities and safety of AI models.56 Supplement-
ing the current lot with new standards that assess AI’s 
contribution to human development could help steer 
AI innovation in that direction.57

The complex intersection of different country pri-
orities with global and local constellations of tech 
firms is fuelling a geopolitical innovation race that 

risks leaving many countries and people behind.58 
The mismatch between suppliers and users matters 
for many reasons. One is cultural. AI models reflect 
the cultures where they were developed. ChatGPT 
responses are closer culturally to those of humans in 
very high HDI countries and most distant from those 
in low HDI countries (figure O.8).

Combatting cultural and linguistic bias is one 
reason many countries desire to be part of the AI 
supply chain. AI supply depends on three key inputs
—computing power, data and talent—some of which 
are highly concentrated, posing unique challenges to 
many lower HDI countries. Only a handful of voic-
es wield power over and through AI. Few of us have 
much direct say over it. What choices trickle down 
to us may seem atomizing and binary: buy the latest 
gadget or not, accept the cookies or not. Take-it-or-
leave-it terms of service agreements can boil down 
to granting powerful firms carte blanche access to 
our daily lives or to being excluded from digital plat-
forms, where for better or worse ever more of our 
lives, interactions and relationships take place.

Figure O.7 Across occupations and Human Development 
Index levels, respondents expect that artificial intelligence 
will both automate and augment their work—with higher 
expectations of augmentation

Expected automation (%)
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Expected augmentation (%)
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Note: Based on pooled data for 21 countries. Each dot represents the per-
centages of respondents in an occupation group in a country who expect au-
tomation and augmentation from AI to affect their occupation. The following 
occupational groups are used: professional/higher administrative, skilled, un-
skilled/semi-skilled, services, clerical, farm and other. The shaded area repre-
sents a higher share of respondents expecting augmentation than automation.
Source: Human Development Report Office based on data from the United 
Nations Development Programme Survey on AI and Human Development.

Figure O.8 ChatGPT answers are culturally closer to those 
of humans in very high Human Development Index (HDI) 
countries
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Note: Higher values on the vertical axis indicate greater cultural and values 
similarity between ChatGPT and respondents in a given country (indicated 
by a dot).
Source: Based on data from Atari and others (2025), who compared results 
across 65 countries from the World Values Survey.
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Narratives that focus on and reinforce only zero-
sum thinking crowd out opportunities where coop-
eration could add a lot of value. At the global level 
opportunities for international cooperation on AI 
exist, not necessarily on everything but certainly in 
some specific and important areas. The rationale is 
especially compelling in computer-provided over-
sight, content provenance and model evaluations.59 
Indeed, important work across many internation-
al institutions and fora are well under way. The UN 
Global Digital Compact, which encourages cross-
jurisdiction and science-informed dialogue can ena-
ble countries to learn from each other and fine-tune 
regulatory approaches, as well as level the playing 
field so all countries can meaningfully participate in 
and benefit from AI’s potential.

Investing in capabilities that count

To prepare young people to strive with AI, education 
needs to focus on learning outcomes, as well as criti-
cal, creative and relational thinking, moving beyond 
simply increasing years of schooling. When integrat-
ing AI in education, avoid using AI as a crutch, by 
teachers or students, and treat it as a companion to 
unleash new ways of learning. This involves deploy-
ing AI to scale interventions known to enhance edu-
cation outcomes, such as customized learning, rather 
than deploying it for its own sake.

In healthcare AI should be deployed to comple-
ment expertise, particularly when it is scarce, as 
in lower-income countries and settings, empower-
ing healthcare workers to do more in resource- and 
expertise-constrained contexts.60 Healthcare sys-
tems and organizations should safely and trans-
parently integrate AI technologies—strengthening 
both institutional and frontline provider capacity to 
use these systems, while clearly communicating to 
patients how the systems are employed in clinical 
decisionmaking to build trust. Because the unintend-
ed side effects of AI in health services may change 
over time, monitoring AI biases and health inequali-
ties needs to be seen as continuous.61

New horizons for human development

Scientific and technological progress propel develop-
ment.62 Waves of technological innovation have made 

us healthier, wealthier and more knowledgeable, while 
shifting patterns of economic opportunity and redraw-
ing inequalities.63 Not because of inherent features 
of the technologies, but because of active decisions 
by people, firms and governments and the incentives 
shaped by newly created institutions. As AI moves 
from a niche technology to a cornerstone of people’s 
lives across multiple domains, its potential to advance 
human development has to be seized. That depends 
on more than algorithms; it depends on our choices.

The potential everywhere is big, including in lower 
HDI countries, whose narrowing development path-
ways feel more and more like a development tightrope 
over a widening chasm. AI can act as a bridge—to other 
advanced technologies that can facilitate industrial up-
grading,64 to greater diversification and integration up 
and down global value chains,65 to better markets for 
self-employed workers such as freight drivers66 and to 
new knowledge, skills and ideas that can help every-
one, from farmers67 to small business owners.68

Of course, that depends on access not just to “the 
new electricity”—AI—but also to the old. Yet tapping 
AI’s potential goes well beyond access, however im-
portant it may be. In a world of AI, divides will also 
spin along another axis: which societies can make the 
most of a game-changing technology, focusing on how 
AI complements and augments what people do, and 
which societies cannot, by either mistaking for it su-
percharged extensions of earlier computing technolo-
gies or deploying it in ways that compete with people.

“ The future is in our hands. By building 
a complementarity economy, driving 
innovation with intent and investing in 
capabilities that count, societies can use AI to 
expand people’s choices and possibilities.

The future is in our hands. Technology is about 
people, not just things. Beneath the razzle-dazzle of 
invention lurk important choices, by the few or the 
many, whose consequences will reverberate across 
generations. By building a complementarity econo-
my, driving innovation with intent and investing in 
capabilities that count, societies can use AI to expand 
people’s choices and possibilities. In doing so, new 
development pathways for all countries will dot the 
horizon, helping everyone have a shot at thriving in a 
world with AI.
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Human development indices

HDI rank

Human 
Development 
Index (HDI) Inequality-adjusted HDI (IHDI) Gender Development Index Gender Inequality Index Multidimensional Poverty Index

Planetary pressures–
adjusted HDI

Value Value
Overall 

loss (%) Value Group Value Rank Value
Headcount 

(%)

Intensity of 
deprivation 

(%) Value

Difference 
from HDI 
value (%)

2023 2023 2023 2023 2023 2023 2023 2012–2023 2012–2023 2012–2023 2023 2023

Very high human development
1 Iceland 0.972 0.923 5.0 0.983 1 0.024 7 .. .. .. 0.735 24.4
2 Norway 0.970 0.909 6.3 0.995 1 0.004 2 .. .. .. 0.723 25.5
2 Switzerland 0.970 0.894 7.8 0.977 1 0.010 4 .. .. .. 0.732 24.5
4 Denmark 0.962 0.909 5.5 0.990 1 0.003 1 .. .. .. 0.792 17.7
5 Germany 0.959 0.890 7.2 0.975 1 0.057 21 .. .. .. 0.785 18.1
5 Sweden 0.959 0.886 7.6 0.988 1 0.007 3 .. .. .. 0.810 15.5
7 Australia 0.958 0.873 8.9 0.977 1 0.056 20 .. .. .. 0.700 26.9
8 Hong Kong, China (SAR) 0.955 0.839 12.1 0.976 1 .. .. .. .. .. .. ..
8 Netherlands 0.955 0.892 6.6 0.971 2 0.013 5 .. .. .. 0.740 22.5
10 Belgium 0.951 0.891 6.3 0.979 1 0.031 8 .. .. .. 0.666 30.0
11 Ireland 0.949 0.886 6.6 1.001 1 0.054 19 .. .. .. 0.752 20.8
12 Finland 0.948 0.891 6.0 0.992 1 0.021 6 .. .. .. 0.748 21.1
13 Singapore 0.946 0.823 13.0 0.994 1 0.031 8 .. .. .. 0.618 34.7
13 United Kingdom 0.946 0.869 8.1 0.979 1 0.083 31 .. .. .. 0.827 12.6
15 United Arab Emirates 0.940 0.866 7.9 0.957 2 0.040 13 .. .. .. 0.585 37.8
16 Canada 0.939 0.867 7.7 0.991 1 0.052 18 .. .. .. 0.643 31.5
17 Liechtenstein 0.938 .. .. 0.964 2 .. .. .. .. .. .. ..
17 New Zealand 0.938 0.853 9.1 0.973 2 0.082 30 .. .. .. 0.731 22.1
17 United States 0.938 0.832 11.3 1.009 1 0.169 45 .. .. .. 0.686 26.9
20 Korea (Republic of) 0.937 0.857 8.5 0.959 2 0.038 12 .. .. .. 0.745 20.5
21 Slovenia 0.931 0.885 4.9 0.997 1 0.042 14 .. .. .. 0.791 15.0
22 Austria 0.930 0.861 7.4 0.985 1 0.033 10 .. .. .. 0.757 18.6
23 Japan 0.925 0.845 8.6 0.970 2 0.059 22 .. .. .. 0.785 15.1
24 Malta 0.924 0.843 8.8 0.977 1 0.111 36 .. .. .. 0.799 13.5
25 Luxembourg 0.922 0.838 9.1 0.996 1 0.044 17 .. .. .. 0.479 48.0
26 France 0.920 0.836 9.1 0.993 1 0.034 11 .. .. .. 0.804 12.6
27 Israel 0.919 0.813 11.5 0.994 1 0.080 27 .. .. .. 0.709 22.9
28 Spain 0.918 0.819 10.8 0.989 1 0.043 15 .. .. .. 0.818 10.9
29 Czechia 0.915 0.867 5.2 0.987 1 0.088 32 .. .. .. 0.764 16.5
29 Italy 0.915 0.817 10.7 0.975 1 0.043 15 .. .. .. 0.801 12.5
29 San Marino 0.915 .. .. 0.991 1 .. .. .. .. .. .. ..
32 Andorra 0.913 0.837 8.3 .. .. .. .. .. .. .. .. ..
32 Cyprus 0.913 0.841 7.9 0.996 1 0.252 64 .. .. .. 0.754 17.4
34 Greece 0.908 0.825 9.1 0.963 2 0.103 34 .. .. .. 0.803 11.6
35 Poland 0.906 0.817 9.8 1.012 1 0.081 29 .. .. .. 0.792 12.6
36 Estonia 0.905 0.841 7.1 1.023 1 0.061 23 .. .. .. 0.714 21.1
37 Saudi Arabia 0.900 .. .. 0.931 3 0.228 61 .. .. .. 0.666 26.0
38 Bahrain 0.899 .. .. 0.957 2 0.165 44 .. .. .. 0.632 29.7
39 Lithuania 0.895 0.812 9.3 1.022 1 0.070 24 .. .. .. 0.751 16.1
40 Portugal 0.890 0.795 10.7 1.000 1 0.076 26 .. .. .. 0.797 10.4
41 Croatia 0.889 0.828 6.9 0.999 1 0.074 25 .. .. .. 0.787 11.5
41 Latvia 0.889 0.812 8.7 1.026 2 0.117 38 .. .. .. 0.749 15.7
43 Qatar 0.886 .. .. 1.036 2 0.195 52 .. .. .. 0.276 68.8
44 Slovakia 0.880 0.833 5.3 0.999 1 0.176 48 .. .. .. 0.770 12.5
45 Chile 0.878 0.723 17.7 0.967 2 0.102 33 .. .. .. 0.784 10.7
46 Hungary 0.870 0.819 5.9 0.989 1 0.213 54 .. .. .. 0.757 13.0
47 Argentina 0.865 0.761 12.0 0.988 1 0.264 70 0.001 0.4 34.0 0.763 11.8
48 Montenegro 0.862 0.771 10.6 0.984 1 0.121 40 0.005 1.2 39.6 .. ..
48 Uruguay 0.862 0.747 13.3 1.017 1 0.218 56 .. .. .. 0.804 6.7
50 Oman 0.858 0.750 12.6 0.945 3 0.222 57 .. .. .. 0.581 32.3
51 Türkiye 0.853 0.708 17.0 0.938 3 0.227 59 .. .. .. 0.729 14.5
52 Kuwait 0.852 .. .. 1.011 1 0.188 51 .. .. .. 0.531 37.7
53 Antigua and Barbuda 0.851 .. .. 1.031 2 0.240 63 .. .. .. .. ..
54 Seychelles 0.848 0.755 11.0 1.004 1 .. .. 0.003 0.9 34.2 .. ..
55 Bulgaria 0.845 0.748 11.5 1.000 1 0.208 53 .. .. .. 0.740 12.4
55 Romania 0.845 0.758 10.3 0.986 1 0.227 59 .. .. .. 0.739 12.5
57 Georgia 0.844 0.754 10.7 1.009 1 0.257 66 0.001 0.3 36.6 0.772 8.5
58 Saint Kitts and Nevis 0.840 .. .. .. .. .. .. .. .. .. .. ..
59 Panama 0.839 0.664 20.9 1.014 1 0.374 94 .. .. .. 0.643 23.4
60 Brunei Darussalam 0.837 0.756 9.7 0.993 1 0.257 66 .. .. .. 0.600 28.3

Continued →
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HDI rank

Human 
Development 
Index (HDI) Inequality-adjusted HDI (IHDI) Gender Development Index Gender Inequality Index Multidimensional Poverty Index

Planetary pressures–
adjusted HDI

Value Value
Overall 

loss (%) Value Group Value Rank Value
Headcount 

(%)

Intensity of 
deprivation 

(%) Value

Difference 
from HDI 
value (%)

2023 2023 2023 2023 2023 2023 2023 2012–2023 2012–2023 2012–2023 2023 2023

60 Kazakhstan 0.837 0.766 8.5 1.004 1 0.182 50 0.002 0.5 35.6 0.687 17.9
62 Costa Rica 0.833 0.678 18.6 0.975 1 0.217 55 0.002 0.5 37.1 0.774 7.1
62 Serbia 0.833 0.772 7.3 0.987 1 0.117 38 0.000 0.1 38.1 0.724 13.1
64 Russian Federation 0.832 0.758 8.9 1.023 1 0.169 45 .. .. .. 0.710 14.7
65 Belarus 0.824 0.771 6.4 1.009 1 0.080 27 .. .. .. .. ..
66 Bahamas 0.820 0.670 18.3 1.015 1 0.325 81 .. .. .. 0.712 13.2
67 Malaysia 0.819 0.707 13.7 0.973 2 0.172 47 .. .. .. 0.677 17.3
68 North Macedonia 0.815 0.723 11.3 0.955 2 0.112 37 0.001 0.4 38.2 0.754 7.5
69 Armenia 0.811 0.743 8.4 1.006 1 0.180 49 0.001 0.2 36.2 0.761 6.2
69 Barbados 0.811 0.620 23.6 1.035 2 0.297 76 0.009 2.5 34.2 .. ..
71 Albania 0.810 0.705 13.0 0.963 2 0.107 35 0.003 0.7 39.1 0.755 6.8
72 Trinidad and Tobago 0.807 .. .. 0.990 1 0.262 69 0.002 0.5 38.8 .. ..
73 Mauritius 0.806 0.669 17.0 0.971 2 0.352 87 .. .. .. .. ..
74 Bosnia and Herzegovina 0.804 0.689 14.3 0.967 2 0.157 43 0.008 2.2 37.9 0.701 12.8
High human development

75 Iran (Islamic Republic of) 0.799 0.643 19.5 0.875 5 0.482 123 .. .. .. 0.725 9.3
76 Saint Vincent and the Grenadines 0.798 .. .. .. .. .. .. .. .. .. .. ..
76 Thailand 0.798 0.677 15.2 1.008 1 0.288 73 0.002 0.5 37.0 0.726 9.0
78 China 0.797 0.670 15.9 0.976 1 0.132 41 0.016 3.9 41.4 0.644 19.2
79 Peru 0.794 0.633 20.3 0.959 2 0.340 83 0.025 6.4 38.9 0.757 4.7
80 Grenada 0.791 .. .. 0.984 1 0.226 58 .. .. .. .. ..
81 Azerbaijan 0.789 0.735 6.8 0.983 1 0.315 80 .. .. .. 0.737 6.6
81 Mexico 0.789 0.646 18.1 0.976 1 0.358 88 0.020 5.0 39.8 0.721 8.6
83 Colombia 0.788 0.593 24.7 0.992 1 0.393 98 0.020 4.8 40.6 0.740 6.1
84 Brazil 0.786 0.594 24.4 1.002 1 0.390 96 0.016 3.8 42.5 0.702 10.7
84 Palau 0.786 0.616 21.6 0.992 1 .. .. .. .. .. .. ..
86 Moldova (Republic of) 0.785 0.719 8.4 1.029 2 0.146 42 0.004 0.9 37.4 0.738 6.0
87 Ukraine 0.779 0.715 8.2 1.038 2 .. .. 0.001 0.2 34.4 0.717 8.0
88 Ecuador 0.777 0.640 17.6 0.998 1 0.358 88 0.008 2.1 38.0 0.735 5.4
89 Dominican Republic 0.776 0.634 18.3 1.024 1 0.417 106 0.009 2.3 38.8 0.726 6.4
89 Guyana 0.776 .. .. 0.992 1 0.427 109 0.007 1.8 39.3 .. ..
89 Sri Lanka 0.776 0.630 18.8 0.951 2 0.367 93 0.011 2.9 38.3 0.754 2.8
92 Tonga 0.769 0.682 11.3 0.998 1 0.444 115 0.003 0.9 38.1 .. ..
93 Maldives 0.766 0.602 21.4 0.986 1 0.309 79 0.003 0.8 34.4 .. ..
93 Viet Nam 0.766 0.641 16.3 0.997 1 0.299 78 0.008 1.9 40.3 0.699 8.7
95 Turkmenistan 0.764 .. .. .. .. .. .. 0.001 0.2 34.0 0.667 12.7
96 Algeria 0.763 0.601 21.2 0.887 5 0.443 114 0.005 1.4 39.2 0.706 7.5
97 Cuba 0.762 .. .. 0.975 1 0.296 75 0.003 0.7 38.1 0.723 5.1
98 Dominica 0.761 .. .. .. .. .. .. .. .. .. .. ..
99 Paraguay 0.756 0.599 20.8 0.988 1 0.412 104 0.019 4.5 41.9 0.689 8.9
100 Egypt 0.754 0.582 22.8 0.895 5 0.398 101 0.020 5.2 37.6 0.726 3.7
100 Jordan 0.754 0.637 15.5 0.861 5 0.433 111 0.002 0.4 35.4 0.714 5.3
102 Lebanon 0.752 .. .. 0.992 1 0.360 91 .. .. .. 0.691 8.1
103 Saint Lucia 0.748 0.523 30.1 1.016 1 0.327 82 0.007 1.9 37.5 .. ..
104 Mongolia 0.747 0.647 13.4 1.030 2 0.284 72 0.028 7.3 38.8 0.577 22.8
105 Tunisia 0.746 0.595 20.2 0.931 3 0.238 62 0.003 1.0 35.2 0.703 5.8
106 South Africa 0.741 0.476 35.8 0.996 1 0.388 95 0.025 6.3 39.8 0.685 7.6
107 Uzbekistan 0.740 .. .. 0.951 2 0.291 74 0.006 1.7 35.3 0.702 5.1
108 Bolivia (Plurinational State of) 0.733 0.578 21.1 0.961 2 0.419 107 0.038 9.1 41.7 0.675 7.9
108 Gabon 0.733 0.558 23.9 0.994 1 0.505 135 0.037 8.6 42.4 0.704 4.0
108 Marshall Islands 0.733 0.626 14.6 0.960 2 .. .. .. .. .. .. ..
111 Botswana 0.731 0.509 30.4 0.997 1 0.490 127 0.073 17.2 42.2 0.698 4.5
111 Fiji 0.731 0.626 14.4 0.948 3 0.350 85 0.006 1.5 38.1 .. ..
113 Indonesia 0.728 0.608 16.5 0.945 3 0.423 108 0.014 3.6 38.7 0.684 6.0
114 Suriname 0.722 .. .. 0.993 1 0.391 97 0.011 2.9 39.4 .. ..
115 Belize 0.721 .. .. 0.981 1 0.428 110 0.017 4.3 39.8 0.670 7.1
115 Libya 0.721 .. .. 0.955 2 0.253 65 0.007 2.0 37.1 0.629 12.8
117 Jamaica 0.720 0.590 18.1 1.013 1 0.358 88 0.011 2.8 38.9 0.686 4.7
117 Kyrgyzstan 0.720 0.649 9.9 0.959 2 0.340 83 0.001 0.4 36.3 0.699 2.9
117 Philippines 0.720 0.597 17.1 0.984 1 0.351 86 0.016 3.9 40.6 0.680 5.6
120 Morocco 0.710 0.517 27.2 0.859 5 0.438 113 0.027 6.4 42.0 0.679 4.4
121 Venezuela (Bolivarian Republic of) 0.709 0.605 14.7 0.993 1 0.512 137 .. .. .. 0.652 8.0
122 Samoa 0.708 0.609 14.0 0.955 2 0.416 105 0.025 6.3 39.1 .. ..
123 Nicaragua 0.706 0.535 24.2 0.952 2 0.408 103 0.074 16.5 45.3 0.668 5.4
124 Nauru 0.703 0.599 14.8 0.955 2 .. .. .. .. .. .. ..

Medium human development
125 Bhutan 0.698 0.478 31.5 0.958 2 0.278 71 0.039 9.8 39.4 0.593 15.0
126 Eswatini (Kingdom of) 0.695 0.431 38.0 0.964 2 0.484 124 0.033 7.9 41.3 .. ..

Continued →
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HDI rank

Human 
Development 
Index (HDI) Inequality-adjusted HDI (IHDI) Gender Development Index Gender Inequality Index Multidimensional Poverty Index

Planetary pressures–
adjusted HDI

Value Value
Overall 

loss (%) Value Group Value Rank Value
Headcount 

(%)

Intensity of 
deprivation 

(%) Value

Difference 
from HDI 
value (%)

2023 2023 2023 2023 2023 2023 2023 2012–2023 2012–2023 2012–2023 2023 2023

126 Iraq 0.695 0.534 23.2 0.793 5 0.558 148 0.033 8.6 37.9 0.665 4.3
128 Tajikistan 0.691 0.594 14.0 0.926 3 0.258 68 0.029 7.4 39.0 0.673 2.6
129 Tuvalu 0.689 0.578 16.1 0.969 2 .. .. 0.008 2.1 38.2 .. ..
130 Bangladesh 0.685 0.482 29.6 0.918 4 0.487 125 0.104 24.6 42.2 0.666 2.8
130 India 0.685 0.475 30.7 0.874 5 0.403 102 0.069 16.4 42.0 0.656 4.2
132 El Salvador 0.678 0.555 18.1 0.983 1 0.362 92 0.032 7.9 41.3 0.638 5.9
133 Equatorial Guinea 0.674 .. .. .. .. .. .. .. .. .. 0.644 4.5
133 Palestine, State of 0.674 0.538 20.2 0.945 3 .. .. 0.002 0.6 35.0 0.653 3.1
135 Cabo Verde 0.668 0.478 28.4 0.964 2 0.298 77 .. .. .. .. ..
136 Namibia 0.665 0.438 34.1 1.011 1 0.448 116 0.185 40.9 45.2 0.611 8.1
137 Guatemala 0.662 0.479 27.6 0.934 3 0.480 121 0.134 28.9 46.2 0.626 5.4
138 Congo 0.649 0.426 34.4 0.924 4 0.565 151 0.112 24.3 46.0 0.631 2.8
139 Honduras 0.645 0.496 23.1 0.964 2 0.437 112 0.051 12.0 42.7 0.620 3.9
140 Kiribati 0.644 0.535 16.9 0.976 1 .. .. 0.080 19.8 40.5 .. ..
141 Sao Tome and Principe 0.637 0.478 25.0 0.980 1 0.492 130 0.048 11.7 40.9 .. ..
142 Timor-Leste 0.634 0.451 28.9 0.939 3 0.394 99 0.222 48.3 45.9 .. ..
143 Ghana 0.628 0.399 36.5 0.933 3 0.514 138 0.113 24.8 45.5 0.604 3.8
143 Kenya 0.628 0.456 27.4 0.944 3 0.526 143 0.113 25.4 44.7 0.610 2.9
145 Nepal 0.622 0.437 29.7 0.858 5 0.487 125 0.085 20.1 42.5 0.592 4.8
146 Vanuatu 0.621 0.521 16.1 0.952 2 0.556 147 .. .. .. .. ..
147 Lao People's Democratic Republic 0.617 0.462 25.1 0.911 4 0.475 117 0.108 23.1 47.0 0.570 7.6
148 Angola 0.616 0.360 41.6 0.906 4 0.515 139 0.282 51.1 55.3 0.604 1.9
149 Micronesia (Federated States of) 0.615 .. .. 0.953 2 .. .. .. .. .. .. ..
150 Myanmar 0.609 0.477 21.7 0.947 3 0.478 118 0.176 38.3 45.9 0.593 2.6
151 Cambodia 0.606 0.444 26.7 0.939 3 0.506 136 0.070 16.6 42.3 0.572 5.6
152 Comoros 0.603 0.356 41.0 0.929 3 0.501 132 0.084 19.2 43.9 .. ..
153 Zimbabwe 0.598 0.406 32.1 0.944 3 0.519 140 0.110 25.8 42.6 0.585 2.2
154 Zambia 0.595 0.361 39.3 0.949 3 0.524 141 0.232 47.9 48.4 0.585 1.7
155 Cameroon 0.588 0.361 38.6 0.898 5 0.558 148 0.232 43.6 53.2 0.574 2.4
156 Solomon Islands 0.584 0.483 17.3 0.927 3 0.478 118 .. .. .. .. ..
157 Côte d'Ivoire 0.582 0.350 39.9 0.910 4 0.589 159 0.210 42.8 49.1 0.537 7.7
157 Uganda 0.582 0.400 31.3 0.908 4 0.524 141 0.281 57.2 49.2 0.569 2.2
159 Rwanda 0.578 0.399 31.0 0.922 4 0.394 99 0.231 48.8 47.3 0.567 1.9
160 Papua New Guinea 0.576 0.423 26.6 0.926 3 0.584 156 0.263 56.6 46.5 0.566 1.7
161 Togo 0.571 0.363 36.4 0.865 5 0.564 150 0.180 37.6 47.8 0.562 1.6
162 Syrian Arab Republic 0.564 .. .. 0.787 5 0.490 127 .. .. .. 0.553 2.0
163 Mauritania 0.563 0.374 33.6 0.886 5 0.603 161 0.327 58.4 56.0 0.542 3.7
164 Nigeria 0.560 0.379 32.3 0.892 5 0.677 171 0.175 33.0 52.9 0.548 2.1
165 Tanzania (United Republic of) 0.555 0.391 29.5 0.951 2 0.504 134 0.221 47.2 46.9 0.541 2.5
166 Haiti 0.554 0.337 39.2 0.932 3 0.618 165 0.200 41.3 48.4 0.545 1.6
167 Lesotho 0.550 0.357 35.1 1.006 1 0.534 144 0.084 19.6 43.0 .. ..

Low human development
168 Pakistan 0.544 0.364 33.1 0.838 5 0.536 145 0.198 38.3 51.7 0.529 2.8
169 Senegal 0.530 0.340 35.8 0.924 4 0.490 127 0.263 50.8 51.7 0.512 3.4
170 Gambia 0.524 0.329 37.2 0.959 2 0.578 154 0.198 41.7 47.5 0.514 1.9
171 Congo (Democratic Republic of the) 0.522 0.341 34.7 0.886 5 0.604 162 0.331 64.5 51.3 0.517 1.0
172 Malawi 0.517 0.365 29.4 0.925 3 0.581 155 0.231 49.9 46.3 0.507 1.9
173 Benin 0.515 0.316 38.6 0.866 5 0.573 153 0.290 55.9 51.8 0.504 2.1
174 Guinea-Bissau 0.514 0.331 35.6 0.878 5 0.632 166 0.341 64.4 52.9 .. ..
175 Djibouti 0.513 0.341 33.5 0.814 5 0.481 122 .. .. .. 0.480 6.4
176 Sudan 0.511 0.328 35.8 0.813 5 0.588 158 0.279 52.3 53.4 0.498 2.5
177 Liberia 0.510 0.326 36.1 0.865 5 0.646 167 0.259 52.3 49.6 0.505 1.0
178 Eritrea 0.503 .. .. .. .. .. .. .. .. .. 0.496 1.4
179 Guinea 0.500 0.302 39.6 0.828 5 0.609 163 0.373 66.2 56.4 0.488 2.4
180 Ethiopia 0.497 0.326 34.4 0.886 5 0.497 131 0.367 68.7 53.3 0.487 2.0
181 Afghanistan 0.496 0.321 35.3 0.660 5 0.661 168 0.360 64.9 55.5 0.492 0.8
182 Mozambique 0.493 0.297 39.8 0.920 4 0.479 120 0.334 60.7 55.1 0.486 1.4
183 Madagascar 0.487 0.319 34.5 0.934 3 0.584 156 0.386 68.4 56.4 0.481 1.2
184 Yemen 0.470 0.325 30.9 0.407 5 0.838 172 0.188 37.4 50.2 0.465 1.1
185 Sierra Leone 0.467 0.281 39.8 0.830 5 0.566 152 0.293 59.2 49.5 0.459 1.7
186 Burkina Faso 0.459 0.273 40.5 0.881 5 0.555 146 0.343 64.5 53.2 0.453 1.3
187 Burundi 0.439 0.286 34.9 0.932 3 0.501 132 0.409 75.1 54.4 0.435 0.9
188 Mali 0.419 0.281 32.9 0.812 5 0.612 164 0.376 68.3 55.0 0.411 1.9
188 Niger 0.419 0.265 36.8 0.855 5 0.591 160 0.601 91.0 66.1 0.410 2.1
190 Chad 0.416 0.252 39.4 0.787 5 0.670 169 0.517 84.2 61.4 0.397 4.6
191 Central African Republic 0.414 0.253 38.9 .. .. .. .. 0.461 80.4 57.4 0.407 1.7
192 Somalia 0.404 0.229 43.3 0.793 5 0.675 170 .. .. .. 0.396 2.0
193 South Sudan 0.388 0.226 41.8 .. .. .. .. .. .. .. 0.383 1.3

Continued →
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HDI rank

Human 
Development 
Index (HDI) Inequality-adjusted HDI (IHDI) Gender Development Index Gender Inequality Index Multidimensional Poverty Index

Planetary pressures–
adjusted HDI

Value Value
Overall 

loss (%) Value Group Value Rank Value
Headcount 

(%)

Intensity of 
deprivation 

(%) Value

Difference 
from HDI 
value (%)

2023 2023 2023 2023 2023 2023 2023 2012–2023 2012–2023 2012–2023 2023 2023

Other countries or territories
.. Korea (Democratic People’s Rep. of) .. .. .. .. .. .. .. .. .. .. .. ..
.. Monaco .. .. .. .. .. .. .. .. .. .. .. ..
Human development groups

Very high human development 0.914 0.821 10.2 0.989 — 0.125 — .. .. .. 0.741 18.9
High human development 0.777 0.640 17.6 0.971 — 0.334 — .. .. .. 0.677 12.9
Medium human development 0.656 0.457 30.3 0.883 — 0.513 — .. .. .. 0.631 3.8
Low human development 0.515 0.336 34.8 0.836 — 0.571 — .. .. .. 0.505 1.9

Developing countries 0.712 0.539 24.3 0.934 — 0.478 — 0.089 18.3 48.5 0.653 8.3
Regions

Arab States 0.719 0.544 24.3 0.871 — 0.539 — 0.072 14.7 48.9 0.665 7.5
East Asia and the Pacific 0.775 0.649 16.3 0.973 — 0.315 — 0.021 5.0 42.4 0.658 15.1
Europe and Central Asia 0.818 0.719 12.1 0.970 — 0.226 — 0.004 1.2 37.1 0.731 10.6
Latin America and the Caribbean 0.783 0.619 20.9 0.989 — 0.384 — 0.025 5.8 42.9 0.715 8.7
South Asia 0.672 0.469 30.2 0.872 — 0.458 — 0.094 20.8 45.2 0.644 4.2
Sub-Saharan Africa 0.568 0.377 33.6 0.916 — 0.558 — 0.254 48.4 52.5 0.553 2.6

Least developed countries 0.560 0.374 33.2 0.889 — 0.552 — .. .. .. 0.548 2.1
Small island developing states 0.739 0.567 23.3 0.979 — 0.451 — .. .. .. .. ..
Organisation for Economic Co‑operation 
and Development 0.916 0.812 11.4 0.986 — 0.192 — .. .. .. 0.752 17.9
World 0.756 0.590 22.0 0.955 — 0.455 — .. .. .. 0.680 10.1

Definitions

Human Development Index (HDI): A composite index measur-
ing average achievement in three basic dimensions of human 
development—a long and healthy life, knowledge and a de-
cent standard of living. See Technical note 1 at https://hdr.undp.
org/sites/default/files/2025_HDR/hdr2025_technical_notes.
pdf for details on how the HDI is calculated.

Inequality-adjusted HDI (IHDI): HDI value adjusted for inequali-
ties in the three basic dimensions of human development. 
See Technical note 2 at https://hdr.undp.org/sites/default/
files/2025_HDR/hdr2025_technical_notes.pdf for details on 
how the IHDI is calculated.

Overall loss: Percentage difference between the IHDI value 
and the HDI value, calculated only for countries for which an 
IHDI value is calculated.

Gender Development Index: Ratio of female to male HDI val-
ues. See Technical note 3 at https://hdr.undp.org/sites/default/
files/2025_HDR/hdr2025_technical_notes.pdf for details on 
how the Gender Development Index is calculated.

Gender Development Index groups: Countries are divided in-
to five groups by absolute deviation from gender parity in HDI 
values. Group 1 comprises countries with high equality in HDI 
achievements between women and men (absolute deviation of 
less than 2.5 percent), group 2 comprises countries with medi-
um to high equality in HDI achievements between women and 
men (absolute deviation of 2.5–5 percent), group 3 comprises 
countries with medium equality in HDI achievements between 
women and men (absolute deviation of 5–7.5 percent), group 
4 comprises countries with medium to low equality in HDI 
achievements between women and men (absolute deviation 
of 7.5–10 percent) and group 5 comprises countries with low 
equality in HDI achievements between women and men (ab-
solute deviation from gender parity of more than 10 percent).

Gender Inequality Index: A composite measure reflecting in-
equality in achievement between women and men in three di-
mensions: reproductive health, empowerment and the labour 
market. See Technical note 4 at https://hdr.undp.org/sites/de-
fault/files/2025_HDR/hdr2025_technical_notes.pdf for details 
on how the Gender Inequality Index is calculated.

Multidimensional Poverty Index: Proportion of the population 
that is multidimensionally poor adjusted by the intensity of the 
deprivations. Not all indicators were available for all countries, so 
caution should be used in cross-country comparisons. When an 
indicator is missing, weights of available indicators are adjusted 
to total 100 percent. See Technical note 5 at https://hdr.undp.org/
sites/default/files/2025_HDR/hdr2025_technical_notes.pdf for 
details on how the Multidimensional Poverty Index is calculated.

Multidimensional poverty headcount: Percentage of popu-
lation with a deprivation score of at least 33.3 percent in the 
survey year. 

Intensity of deprivation of multidimensional poverty: Av-
erage deprivation score experienced by people in multi-
dimensional poverty.

Planetary pressures–adjusted HDI (PHDI): HDI value adjust-
ed by the level of carbon dioxide emissions and material foot-
print per capita to account for the excessive human pressure 
on the planet. It should be seen as an incentive for transforma-
tion. See Technical note 6 at https://hdr.undp.org/sites/default/
files/2025_HDR/hdr2025_technical_notes.pdf for details on 
how the PHDI is calculated.

Difference from HDI value: Percentage difference between 
the PHDI value and the HDI value.

Main data sources

Columns 1 and 4: HDRO calculations based on data from Barro 
and Lee (2018), IMF (2024), UNDESA (2024), UNESCO Institute 
for Statistics (2024), United Nations Statistics Division (2025) 
and World Bank (2024).

Column 2: Calculated as the geometric mean of the values 
in the inequality-adjusted life expectancy index, inequality-
adjusted education index and inequality-adjusted income 
index based on data from CEDLAS and World Bank (2024), 
Eurostat (2024), ICF Macro Demographic and Health Surveys, 
LIS (2024), UNDESA (2024), UNESCO Institute for Statistics 
(2024), United Nations Children’s Fund (UNICEF) Multiple Indi-
cator Cluster Surveys and UNU-WIDER (2023).

Column 3: Calculated based on data in columns 1 and 2.

Column 5: Calculated based on data in column 4.

Column 6: HDRO calculations based on data from Barro and 
Lee (2018), ILO (2024), IPU (2024), UNDESA (2024), UNESCO 
Institute for Statistics (2024), UNICEF Multiple Indicator Cluster 
Surveys and WHO, UNICEF, UNFPA, World Bank Group and 
UNDESA/Population Division (2023).

Column 7: Calculated based on data in column 6.

Columns 8–10: HDRO and OPHI calculations based on data 
on household deprivations in health, education, and standard 
of living from various years of ICF Macro Demographic and 
Health Surveys and UNICEF Multiple Indicator Cluster Surveys.

Column 11: HDRO calculations based on data from Barro and 
Lee (2018), Global Carbon Project (2024), IMF (2024), UNDESA 
(2024), UNEP (2024), UNESCO Institute for Statistics (2024), 
United Nations Statistics Division (2025) and World Bank 
(2024).

Column 12: Calculated based on data in columns 1 and 11.

https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
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https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
https://hdr.undp.org/sites/default/files/2025_HDR/hdr2025_technical_notes.pdf
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Kazakhstan	 60

Kenya	 143

Kiribati	 140

Korea (Democratic People’s 
Republic of)	 —

Korea (Republic of)	 20

Kuwait	 52

Kyrgyzstan	 117

Lao People’s 
Democratic Republic	 147

Latvia	 41

Lebanon	 102

Lesotho	 167

Liberia	 177

Libya	 115

Liechtenstein	 17

Lithuania	 39

Luxembourg	 25

Madagascar	 183

Malawi	 172

Malaysia	 67

Maldives	 93

Mali	 188

Malta	 24

Marshall Islands	 108

Mauritania	 163

Mauritius	 73

Mexico	 81

Micronesia 
(Federated States of)	 149

Moldova (Republic of)	 86

Monaco	 —

Mongolia	 104

Montenegro	 48

Morocco	 120

Mozambique	 182

Myanmar	 150

Namibia	 136

Nauru	 124

Nepal	 145

Netherlands	 8

New Zealand	 17

Nicaragua	 123

Niger	 188

Nigeria	 164

North Macedonia	 68

Norway	 2

Oman	 50

Pakistan	 168

Palau	 84

Palestine, State of	 133

Panama	 59

Papua New Guinea	 160

Paraguay	 99

Peru	 79

Philippines	 117

Poland	 35

Portugal	 40

Qatar	 43

Romania	 55

Russian Federation	 64

Rwanda	 159

Saint Kitts and Nevis	 58

Saint Lucia	 103

Saint Vincent and 
the Grenadines	 76

Samoa	 122

San Marino	 29

Sao Tome and Principe	 141

Saudi Arabia	 37

Senegal	 169

Serbia	 62

Seychelles	 54

Sierra Leone	 185

Singapore	 13

Slovakia	 44

Slovenia	 21

Solomon Islands	 156

Somalia	 192

South Africa	 106

South Sudan	 193

Spain	 28

Sri Lanka	 89

Sudan	 176

Suriname	 114

Sweden	 5

Switzerland	 2

Syrian Arab Republic	 162

Tajikistan	 128

Tanzania (United Republic of)	 165

Thailand	 76

Timor-Leste	 142

Togo	 161

Tonga	 92

Trinidad and Tobago	 72

Tunisia	 105

Türkiye	 51

Turkmenistan	 95

Tuvalu	 129

Uganda	 157

Ukraine	 87

United Arab Emirates	 15

United Kingdom	 13

United States	 17

Uruguay	 48

Uzbekistan	 107

Vanuatu	 146

Venezuela 
(Bolivarian Republic of)	 121

Viet Nam	 93

Yemen	 184

Zambia	 154

Zimbabwe	 153

KEY  TO  H U M A N  D E V E LO P M E N T  I N D E X  R A N KS ,  2023



United Nations Development Programme 
One United Nations Plaza 
New York, NY 10017 
www.undp.org

http://www.undp.org

